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Object-level Change Detection Based on Multiscale Fusion

HUO Chun-Lei? CHENG Jian? LU Han-Qing* ZHOU Zhi-Xin 2

Abstract Urban change detection based on multiscale fusion is discused in this paper. The limitations of traditional
change detection methods and the di culties of urban change detection of very high resolution images are rst analyzed.
To address the above limitations, a novel object-level fram ework based on multiscale fusion is presented for urban charge
detection. Taking advantages of the object-level change detection, the framework can improve the separability of chan ged
class and unchanged class. To further improve the change deection accuracy, two di erent multiscale fusion strategie s are
applied in the framework. Experimental results obtained on QuickBird images con rm the e ectiveness of the proposed
approach.
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Fig.3 Comparison of results by di erent approaches ((a)
Reference change map; (b) Change map by pixel-based
method; (c) Change map by multiscale pixel-based
method; (d) Change map by the proposed method based
on multiscale feature fusion; (e) Change map by the
proposed method based on multiscale decision fusion; (f)
Limitations of pixel-based change detection methods)
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Fig.4 Comparison of results at di erent scales ((a)
Change detection result at scale 0; (b) Change detection
result at scale 1; (c) Change detection result at scale 2;

(d) Change detection result by multiscale decision fusion)

1
Table 1 Accuracy comparison against di erent scales
and di erent fusion strategies

0 1 2
(%) 7537 5842 59.97
(%) 6853 5551 49.47
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72.29
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89.90
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