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Abstract : Emotion-cause pair extraction (ECPE) is to extract emotion clauses and corresponding cause clauses simultane-
ously, which has been widely studied in the news domain. However, there are few studies on ECPE task in the social media
domain, mainly due to the lack of available datasets. Compared to the news domain, it is more challenging and practical in the
social media domain: (a) the emotion expression in the social media texts is more diverging or even ill-formed; (b) the hu-
man’s subjective intentions have been widely ignored in the prior studies, which are significant for decision analysis. To alle-
viate these problems, this paper constructs a Chinese Microblog dataset WeiboEmotion for ECPE. It is the largest dataset
containing 5 009 samples manually annotated. This dataset includes emotional expressions in the form of metaphor and irony,
and defines fine-grained emotional categories. Meanwhile, the intentions annotated in the dataset are divided into three types.
Considering the features of this dataset, this paper proposes an ECPE method integrating emotion category and intention in-
formation and conducts experiments to compare this method to the mainstream ones. Experiments results have shown the
effectiveness of this method in the social media domain.
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